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1. INSTITUTE VISION & MISSION, DEPARTMENT VISION & MISSION 

Institute Vision: 

To produce Competent Engineering Graduates & Managers with a strong base of Technical & 

Managerial Knowledge and the Complementary Skills needed to be Successful Professional Engineers 

& Managers. 

Institute Mission: 

To fulfill the vision by imparting Quality Technical & Management Education to the Aspiring 

Students, by creating Effective Teaching/Learning Environment and providing State – of the – Art 

Infrastructure and Resources. 

Department Vision: 

To produce Industry ready Software Engineers to meet the challenges of 21st Century. 

Department Mission: 

 Impart core knowledge and necessary skills in Computer Science and Engineering through 

innovative teaching and learning methodology. 

 

 Inculcate critical thinking, ethics, lifelong learning and creativity needed for industry and 

society. 

 

 Cultivate the students with all-round competencies, for career, higher education and self-

employability. 
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   2. PO, PEO& PSO STATEMENTS 

 

PROGRAMME OUTCOMES (POs) 

PO-1: Engineering knowledge -   Apply the knowledge of mathematics, science, engineering 

fundamentals of Computer Science& Engineering to solve complex real-life engineering problems 

related to CSE. 

PO-2: Problem analysis -   Identify, formulate, review research literature, and analyze complex 

engineering problems related to CSE and reaching substantiated conclusions using first principles of 

mathematics, natural sciences, and engineering sciences. 

PO-3: Design/development of solutions -   Design solutions for complex engineering problems 

related to CSE and design system components or processes that meet the specified needs with 

appropriate consideration for the public health and safety, cultural, societal and environmental 

considerations.                     

PO-4: Conduct investigations of complex problems -   Use research-based knowledge and research 

methods, including design of experiments, analysis and interpretation of data and synthesis of the 

information to provide valid conclusions. 

PO-5: Modern tool usage - Select/Create and apply appropriate techniques, resources and modern 

engineering and IT tools and technologies for rapidly changing computing needs, including prediction 

and modeling to complex engineering activities, with an understanding of the limitations. 

PO-6: The engineer and society - Apply reasoning informed by the contextual knowledge to assess 

societal, health, safety, legal and cultural issues and the consequent responsibilities relevant to the 

CSE professional engineering practice. 

PO-7: Environment and Sustainability -   Understand the impact of the CSE professional 

engineering solutions in societal and environmental contexts and demonstrate the knowledge of, and 

need for sustainable development. 
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PO-8: Ethics -   Apply ethical principles and commit to professional ethics and responsibilities and 

norms of the relevant engineering practices. 

PO-9: Individual and team work -   Function effectively as an individual, and as a member or leader 

in diverse teams, and in multidisciplinary settings. 

PO-10: Communication -   Communicate effectively on complex engineering activities with the 

engineering community and with the society-at-large, such as, being able to comprehend and write 

effective reports and design documentation, make effective presentations, give and receive clear 

instructions. 

PO-11: Project management and finance - Demonstrate knowledge and understanding of the 

engineering and management principles and apply these to one’s own work, as a member and leader 

in a team, to manage projects and in multidisciplinary environments. 

PO-12: Life-long learning - Recognize the need for and have the preparation and ability to engage in 

independent and life-long learning in the broadcast context of technological changes. 

  

 PROGRAM EDUCATIONAL OBJECTIVES (PEOS): 

 

 PEO 1: Graduates will be prepared for analyzing, designing, developing and testing the software 

solutions and products with creativity and sustainability. 

PEO 2: Graduates will be skilled in the use of modern tools for critical problem solving and analyzing 

industrial and societal requirements. 

PEO 3: Graduates will be prepared with managerial and leadership skills for career and starting up 

own firms. 

  

 PROGRAM SPECIFIC OUTCOMES (PSOS): 

 

PSO 1: Develop creative solutions by adapting emerging technologies / tools for real time 

applications. 

PSO 2: Apply the acquired knowledge to develop software solutions and innovative mobile apps for 

various automation applications 
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2.1  Subject Time Table 
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  JAWAHARLAL NEHRU TECHNOLOGICAL UNIVERSITY ANANTAPUR 

           B. Tech III-II Sem. (CSE)                          LTPC  

                                                    3 1  3 

 15A05602   DATA WAREHOUSING & MINING 

Course Objectives: 

 To know the basic concepts and principles of data warehousing and data mining  

 Learn pre-processing techniques and data mining functionalities  

 Learn and create multidimensional models for data warehousing 

 Study and evaluate performance of Frequent Item sets and Association Rules  

 Understand and Compare different types of classification and clustering algorithms. 

 

 Course Outcomes: 

 Understand the basic concepts of data warehouse and data mining. 

 Apply pre-processing techniques for data cleansing   

 Analyze and evaluate performance of algorithms for Association Rules  

 Analyze Classification and Clustering algorithms 
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LIST OF EXPERIMENTS: 

1. Experiments: Build Data Warehouse and Explore WEKA  

A. Build a Data Warehouse/Data Mart (using open source tools like Pentaho Data Integration tool, 

Pentoaho Business Analytics; or other data warehouse tools like Microsoft-SSIS, Informatica, Business 

Objects, etc.).  

(i). Identify source tables and populate sample data  

(ii). Design multi-dimensional data models namely Star, snowflake and Fact constellation schemas for 

any one enterprise (ex. Banking, Insurance, Finance, Healthcare, Manufacturing, Automobile, etc.).  

(iii). Write ETL scripts and implement using data warehouse tools  

(iv). Perform various OLAP operations such slice, dice, roll up, drill up and pivot  

(v). Explore visualization features of the tool for analysis like identifying trends etc.  

B. Explore WEKA Data Mining/Machine Learning Toolkit  

(i). Downloading and/or installation of WEKA data mining toolkit,  

(ii). Understand the features of WEKA toolkit such as Explorer, Knowledge Flow interface, 

Experimenter, command-line interface.  

(iii). Navigate the options available in the WEKA (ex. Select attributes panel, Preprocess panel, Classify 

panel, Cluster panel, Associate panel and Visualize panel)  

(iv). Study the arff file format  

(v). Explore the available data sets in WEKA.  

(vi). Load a data set (ex. Weather dataset, Iris dataset, etc.)  

(vii). Load each dataset and observe the following: 

 i. List the attribute names and they types  

ii. Number of records in each dataset  

iii. Identify the class attribute (if any)  

iv. Plot Histogram  

v. Determine the number of records for each class.  

vi. Visualize the data in various dimensions  

 

2. Perform data preprocessing tasks and Demonstrate performing association rule mining on data 

sets  

A. Explore various options available in Weka for preprocessing data and apply (like Discretization 

Filters, Resample filter, etc.) on each dataset  
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B. Load each dataset into Weka and run Aprori algorithm with different support and confidence values. 

Study the rules generated.  

C. Apply different discretization filters on numerical attributes and run the Apriori association rule 

algorithm. Study the rules generated. Derive interesting insights and observe the effect of discretization 

in the rule generation process.  

 

3. Demonstrate performing classification on data sets  

A. Load each dataset into Weka and run Id3, J48 classification algorithm. Study the classifier output. 

Compute entropy values, Kappa statistic.  

B. Extract if-then rules from the decision tree generated by the classifier, Observe the confusion matrix 

and derive Accuracy, F-measure, TPrate, FPrate, Precision and Recall values. Apply cross-validation 

strategy with various fold levels and compare the accuracy results.  

C. Load each dataset into Weka and perform Naïve-bayes classification and k-Nearest Neighbour 

classification. Interpret the results obtained.  

D. Plot RoC Curves  

E. Compare classification results of ID3, J48, Naïve-Bayes and k-NN classifiers for each dataset, and 

deduce which classifier is performing best and poor for each dataset and justify.  

 

4. Demonstrate performing clustering on data sets  

A. Load each dataset into Weka and run simple k-means clustering algorithm with different values of k 

(number of desired clusters). Study the clusters formed. Observe the sum of squared errors and 

centroids, and derive insights.  

B. Explore other clustering techniques available in Weka.  

C. Explore visualization features of Weka to visualize the clusters. Derive interesting insights and 

explain.  

 

5. Demonstrate performing Regression on data sets  

A. Load each dataset into Weka and build Linear Regression model. Study the clusters formed. Use 

Training set option. Interpret the regression model and derive patterns and conclusions from the 

regression results.  

B. Use options cross-validation and percentage split and repeats running the Linear Regression Model. 

Observe the results and derive meaningful results.  

C. Explore Simple linear regression technique that only looks at one variable 
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4. CO-PO ATTAINMENT: 

CO- ATTAINMENT: 

 

SVR ENGINEERING COLLEGE 

Department: CSE 

Course Outcome Attainment - Internal Assessments 

Name of the faculty :  A.BINDUKALA Academic Year: 2019-2020 

Branch & Section:  CSE Exam: EXTERNAL LAB 

Course: 

DATA WAREHOUSING & MINING 

LAB Semester: III-II SEM 

  
      

  

  
      

  

Course Outcomes 
Internal Lab    

Interna

l Lab  

Universit

y Exam 

 
  

15A05610.1 3   3 3 

 
  

15A05610.2 3   3 3 

 
  

15A05610.3 3   3 3 

 
  

15A05610.4 3   3 3 

 
  

15A05610.5 3   3 3 

 
  

  
      

  

  
      

  

Course Outcomes 
Attainment 
Level 

15A05610.

1 
To know the basic concepts and principles of data warehousing and data mining   3 

15A05610.

2 
Learn pre-processing techniques and data mining functionalities   3 

15A05610.

3 
Learn and create multidimensional models for data warehousing   3 

15A05610.

4 
Study and evaluate performance of Frequent Item sets and Association Rules   3 

15A05610.

5 
Understand and Compare  different types of classification and clustering algorithms 3 

  
   

Average Attainment 3 

  
      

  

Overall Course Attainment 3 
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PO- ATTAINMENT:  

SVR ENGINEERING COLLEGE 

DEPARTMENT CSE 

PROGRAM OUTCOME ATTAINMENT 

Name of Faculty:  A.BINDUKALA 

Academic 

Year 2019-2020 

Branch & Section: CSE SUB CODE:  15A05610 

Course: 

DATA WAREHOUSING & 

MINING LAB Semester: III-II 

  
              

  

  
              

  

COURSE OUTCOME ATTAINMENT 

         
  

Course outcome 

attainment 

Inter

nal 

lab   

Interna

l lab 

Extern

al lab 

         
  

15A05610.1 3   3 3 

         
  

15A05610.2 3   3 3 

         
  

15A05610.3 3   3 3 

         
  

15A05610.4 3   3 3 

         
  

15A05610.5 3   3 3 

         
  

  
              

  

  
              

  

COURSE OUTCOMES AND PROGRAM OUTCOMES MAPPING 

  

PO1 P

O
2 

PO3 PO4 P

O
5 

P

O
6 

P

O
7 

P

O
8 

P

O
9 

PO

10 

PO

11 

PO

12 

PS

O1 

PS

O2 

15A05610.1 3 3 2 2 1 2     1   1 2 3 1 

15A05610.2 3 2 1 1   1   1       1 2 2 

15A05610.3 3 3 2 2 2 1 1     1     2 1 

15A05610.4 3 3 1 2   2     2   2 2 2 2 

15A05610.5 3 2 2 2   2   2   1     3 1 

PO-
ATTAINME
NT 

              
  

    PO1 

P

O
2 PO3 PO4 

P

O
5 

P

O
6 

P

O
7 

P

O
8 

P

O
9 

PO
10 

PO
11 

PO
12 

PS
O1 

PS
O2 

IN
T

E
R

N
A

L
 

15A056

10.1 9 9 6 6 3 6     3   3 6 9 3 

15A056

10.2 9 6 3 3   3   3       3 6 6 

15A056

10.3 9 9 6 6 6 3 3     3     6 3 

15A056

10.4 9 9 3 6   6     6   6 6 6 6 

15A056

10.5 9 6 6 6   6   6   3     9 3 

U
N

I

V
E

R

S
IT

Y
 

15A056

10.1 9 9 6 6 3 6     3   3 6 9 3 
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UNIVERSI

TY 

15A056

10.2 9 6 3 3   3   3       3 6 6 

15A056

10.3 9 9 6 6 6 3 3     3     6 3 

15A056

10.4 9 9 3 6   6     6   6 6 6 6 

15A056

10.5 9 6 6 6   6   6   3     9 3 

O
V

E
R

A
L

L
 

15A056

10.1 3 3 3 3 3 3     3   3 3 3 3 

15A056

10.2 3 3 3 3   3   3       3 3 3 

15A056

10.3 3 3 3 3 3 3 3     3     3 3 

15A056

10.4 3 3 3 3   3     3   3 3 3 3 

15A056

10.5 3 3 3 3   3   3   3     3 3 

Attainment 3 3 3 3 3 3 3 3 3 3 3 3 3 3 

  

              

  

  

              

  

  

              

  

Faculty                  

Head of the 

Department     
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1. Demonstration of preprocessing on dataset student.arff 
 

Aim: This experiment illustrates some of the basic data preprocessing operations that can be 

performed using WEKA-Explorer. The sample dataset used for this example is the student 

data available in arff format. 

Step1: Loading the data. We can load the dataset into weka by clicking on open button in 

preprocessing interface and selecting the appropriate file. 

Step2: Once the data is loaded, weka will recognize the attributes and during the scan of the 

data weka will compute some basic strategies on each attribute. The left panel in the above 

figure shows the list of recognized attributes while the top panel indicates the names of the 

base relation or table and the current working relation (which are same initially). 

Step3:Clicking on an attribute in the left panel will show the basic statistics on the attributes 

for the categorical attributes the frequency of each attribute value is shown, while for 

continuous attributes we can obtain min, max, mean, standard deviation and deviation etc., 

Step4:The visualization in the right button panel in the form of cross-tabulation across two 

attributes. 

Note:we can select another attribute using the dropdown list. 

Step5:Selecting or filtering attributes 

Removing an attribute-When we need to remove an attribute,we can do this by using the 

attribute filters in weka.In the filter model panel,click on choose button,This will show a 

popup window with a list of available filters. 

Scroll down the list and select the “weka.filters.unsupervised.attribute.remove” filters. 
 

Step 6:a)Next click the textbox immediately to the right of the choose button.In the resulting 

dialog box enter the index of the attribute to be filtered out. 

b) Make sure that invert selection option is set to false.The click OK now in the filter box.you 

will see “Remove-R-7”. 

c) Click the apply button to apply filter to this data.This will remove the attribute and create 

new working relation. 

d) Save the new working relation as an arff file by clicking save button on the 

top(button)panel.(student.arff)
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Discretization 
 

1) Sometimes association rule mining can only be performed on categorical data.This requires 

performing discretization on numeric or continuous attributes.In the following example let us 

discretize age attribute. 

Let us divide the values of age attribute into three bins(intervals). 
 

First load the dataset into weka(student.arff) 
 

Select the age attribute. 
 

Activate filter-dialog box and select “WEKA.filters.unsupervised.attribute.discretize”from 

the list. 

To change the defaults for the filters,click on the box immediately to the right of 

the choose button. 

We enter the index for the attribute to be discretized.In this case the attribute is age.So we 

must enter ‘1’ corresponding to the age attribute. 

Enter ‘3’ as the number of bins.Leave the remaining field values as they are. 
 

Click OK button. 
 

Click apply in the filter panel.This will result in a new working relation with the selected 

attribute partition into 3 bins. 

Save the new working relation in a file called student-data-discretized.arff 

 

 

Dataset student .arff 
 

@relation student 
 

@attribute age {<30,30-40,>40} 

@attribute income {low, medium, high} 

@attribute student {yes, no} 

@attribute credit-rating {fair, excellent} 

@attribute buyspc {yes, no} 

@data 
 

% 
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<30, high, no, fair, no 
 

<30, high, no, excellent, no 

30-40, high, no, fair, yes 

>40, medium, no, fair, yes 
 

>40, low, yes, fair, yes 
 

>40, low, yes, excellent, no 

30-40, low, yes, excellent, yes 

<30, medium, no, fair, no 
 

<30, low, yes, fair, no 
 

>40, medium, yes, fair, yes 
 

<30, medium, yes, excellent, yes 

30-40, medium, no, excellent, yes 

30-40, high, yes, fair, yes 

>40, medium, no, excellent, no 
 

% 
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The following screenshot shows the effect of discretization. 
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1. Demonstration of preprocessing on dataset labor.arff 
 

Aim: This experiment illustrates some of the basic data preprocessing operations that can be 

performed using WEKA-Explorer. The sample dataset used for this example is the labor data 

available in arff format. 

Step1:Loading the data. We can load the dataset into weka by clicking on open button in 

preprocessing interface and selecting the appropriate file. 

Step2:Once the data is loaded, weka will recognize the attributes and during the scan of the 

data weka will compute some basic strategies on each attribute. The left panel in the above 

figure shows the list of recognized attributes while the top panel indicates the names of the 

base relation or table and the current working relation (which are same initially). 

Step3:Clicking on an attribute in the left panel will show the basic statistics on the attributes 

for the categorical attributes the frequency of each attribute value is shown, while for 

continuous attributes we can obtain min, max, mean, standard deviation and deviation etc., 

Step4:The visualization in the right button panel in the form of cross-tabulation across two 

attributes. 

Note:we can select another attribute using the dropdown list. 

Step5:Selecting or filtering attributes 

Removing an attribute-When we need to remove an attribute,we can do this by using the 

attribute filters in weka.In the filter model panel,click on choose button,This will show a 

popup window with a list of available filters. 

Scroll down the list and select the “weka.filters.unsupervised.attribute.remove” filters. 
 

Step 6:a)Next click the textbox immediately to the right of the choose button.In the resulting 

dialog box enter the index of the attribute to be filtered out. 

b) Make sure that invert selection option is set to false.The click OK now in the filter box.you 

will see “Remove-R-7”. 

c) Click the apply button to apply filter to this data.This will remove the attribute and create 

new working relation. 

d) Save the new working relation as an arff file by clicking save button on the 

top(button)panel.(labor.arff)
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Discretization 
 

1) Sometimes association rule mining can only be performed on categorical data.This requires 

performing discretization on numeric or continuous attributes.In the following example let us 

discretize duration attribute. 

Let us divide the values of duration attribute into three bins(intervals). 
 

First load the dataset into weka(labor.arff) 
 

Select the duration attribute. 
 

Activate filter-dialog box and select “WEKA.filters.unsupervised.attribute.discretize”from 

the list. 

To change the defaults for the filters,click on the box immediately to the right of 

the choose button. 

We enter the index for the attribute to be discretized.In this case the attribute is duration So 

we must enter ‘1’ corresponding to the duration attribute. 

Enter ‘1’ as the number of bins.Leave the remaining field values as they are. 
 

Click OK button. 
 

Click apply in the filter panel.This will result in a new working relation with the selected 

attribute partition into 1 bin. 

Save the new working relation in a file called labor-data-discretized.arff 
 

Dataset labor.arff 



DWDM Page 18 
 

 

duration wage-increase-first-year wage-increase-second-year wage-increase-third-year cost-of-living-adjustment working hours pension standby-pay shift-differential educ‹ 

 
1.0 

 
5.0 

 
0.0 

 
2.0 

 

 
 

 
 

 
 

 

3.0 
 

 
 

 5.0 40.0  
 

 2.0 2.5  35. 0  6.0 yes 

3.0 4.0 5.0 5.0 t 
 

 
  

3.0 6.9 
 

 
 

 40.0  3.0 

2.0 3.0 70  3%0 12.0 25.0yes 
 10 1.0 

 

 
 none 40.0empIc..  {0 

 11 3.0 3.5 4.0 
 

 36.0  3.0 

- 12 2.0 6. 4 6. 4  3%0  4.0 

 13 2.0 3.5 4.0 none 40.0  2.0no 

 
 

 3.0 3.5 4.0 s. I tel 37.0  9.0 
 15 1.0 3.0  none 36.0  10.0no 

 16 2.0 4.5 4.0  37.0empI ‹..   

 17 1.0 2.8   35.0  2.0 
 Ie 1.0 2. I   

 0.0re ally 2.0 3.0no 

 19 1.0 2.0  none 38.0none  yes 
 20 2.0 .0 5.0 tel 35.0 13.0 5.0 
 zi 2.0 4.3 4. 4  SB.0  9. 0 

 22 2.0 2.5 3.0  40.0 none   

 z3 3. 0 3.s 
 

 4.6 tel 27.0   

 
 

 2.0 4.5 .0  0.0  4.0 

 
26 3.0 2.0 2.0 8.0none 40.0 none 

  

 
28 2.0 3.0 3.0 none 33.0 

 
yes 

 29 
 

 5. 0 
 

 none 37.0  5.0 no 

 30 3.0 2.0 2.5  35.0 none   

 
32 3.0 3.0 

  
40.0 none 

 
5.0no 

  2.0 2.5   GB. 0 empI¿. .   

  2.0 4.0 5.0 none 40.0 none  3.0no 

 35 3.0 2.0   40.0 none 2.0 1.0no 
 36 2.0 2.0 2.0 none 40.0 none  no 
 37 1.0 2.0  

 

 40.0 ret_aIIw 4.0 0.0no 

  1.0 2.8  ne 38.0 empI_c. . 2.0 3.0no 

 

Undo . O 



DWDM Page 19 
 

 

The following screenshot shows the effect of discretization 
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2. Demonstration of Association rule process on dataset 

contactlenses.arff using apriori algorithm 

Aim: This experiment illustrates some of the basic elements of asscociation rule mining 

using WEKA. The sample dataset used for this example is contactlenses.arff 

Step1: Open the data file in Weka Explorer. It is presumed that the required data fields have 

been discretized. In this example it is age attribute. 

Step2: Clicking on the associate tab will bring up the interface for association rule algorithm. 

Step3: We will use apriori algorithm. This is the default algorithm. 

Step4: Inorder to change the parameters for the run (example support, confidence etc) we 

click on the text box immediately to the right of the choose button. 

Dataset contactlenses.arff 
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The following screenshot shows the association rules that were generated when apriori 

algorithm is applied on the given dataset. 
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3. Demonstration of Association rule process on dataset test.arff using 
apriori algorithm 

 

Aim: This experiment illustrates some of the basic elements of asscociation rule mining 

using WEKA. The sample dataset used for this example is test.arff 

Step1: Open the data file in Weka Explorer. It is presumed that the required data fields have 

been discretized. In this example it is age attribute. 

Step2: Clicking on the associate tab will bring up the interface for association rule algorithm. 

Step3: We will use apriori algorithm. This is the default algorithm. 

Step4: Inorder to change the parameters for the run (example support, confidence etc) we 

click on the text box immediately to the right of the choose button. 

Dataset test.arff 
 

@relation test 
 

@attribute admissionyear {2005,2006,2007,2008,2009,2010} 

@attribute course {cse,mech,it,ece} 

@data 
 

% 
 

2005, cse 
 

2005, it 
 

2005, cse 
 

2006, mech 
 

2006, it 
 

2006, ece 
 

2007, it 
 

2007, cse 
 

2008, it 
 

2008, cse 
 

2009, it 
 

2009, ece 
 

% 
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The following screenshot shows the association rules that were generated when apriori 

algorithm is applied on the given dataset. 
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4. Demonstration of classification rule process on dataset student.arff 

using j48 algorithm 

Aim: This experiment illustrates the use of j-48 classifier in weka. The sample data set used 

in this experiment is “student” data available at arff format. This document assumes that 

appropriate data pre processing has been performed. 

Steps involved in this experiment: 
 

Step-1: We begin the experiment by loading the data (student.arff)into weka. 
 

Step2: Next we select the “classify” tab and click “choose” button t o select the 

“j48”classifier. 

Step3: Now we specify the various parameters. These can be specified by clicking in the text 

box to the right of the chose button. In this example, we accept the default values. The 

default version does perform some pruning but does not perform error pruning. 

Step4: Under the “text” options in the main panel. We select the 10-fold cross validation as 

our evaluation approach. Since we don’t have separate evaluation data set, this is necessary to 

get a reasonable idea of accuracy of generated model. 

Step-5: We now click ”start” to generate the model .the Ascii version of the tree as well as 

evaluation statistic will appear in the right panel when the model construction is complete. 

Step-6: Note that the classification accuracy of model is about 69%.this indicates that we may 

find more work. (Either in preprocessing or in selecting current parameters for the 

classification) 

Step-7: Now weka also lets us a view a graphical version of the classification tree. This can 

be done by right clicking the last result set and selecting “visualize tree” from the pop-up 

menu. 

Step-8: We will use our model to classify the new instances. 
 

Step-9: In the main panel under “text” options click the “supplied test set” radio button and 

then click the “set” button. This wills pop-up a window which will allow you to open the file 

containing test instances. 
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Dataset student .arff 
 

@relation student 
 

@attribute age {<30,30-40,>40} 

@attribute income {low, medium, high} 

@attribute student {yes, no} 

@attribute credit-rating {fair, excellent} 

@attribute buyspc {yes, no} 

@data 
 

% 
 

<30, high, no, fair, no 
 

<30, high, no, excellent, no 

30-40, high, no, fair, yes 

>40, medium, no, fair, yes 
 

>40, low, yes, fair, yes 
 

>40, low, yes, excellent, no 

30-40, low, yes, excellent, yes 

<30, medium, no, fair, no 
 

<30, low, yes, fair, no 
 

>40, medium, yes, fair, yes 
 

<30, medium, yes, excellent, yes 

30-40, medium, no, excellent, yes 

30-40, high, yes, fair, yes 

>40, medium, no, excellent, no 
 

%



DWDM Page 28 
 

The following screenshot shows the classification rules that were generated when j48 

algorithm is applied on the given dataset. 
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5. Demonstration of classification rule process on dataset 

employee.arff using j48 algorithm 

Aim: This experiment illustrates the use of j-48 classifier in weka.the sample data set used in 

this experiment is “employee”data available at arff format. This document assumes that 

appropriate data pre processing has been performed. 

Steps involved in this experiment: 
 

Step 1: We begin the experiment by loading the data (employee.arff) into weka. 
 

Step2: Next we select the “classify” tab and click “choose” button to select the 

“j48”classifier. 

Step3: Now we specify the various parameters. These can be specified by clicking in the text 

box to the right of the chose button. In this example, we accept the default values the default 

version does perform some pruning but does not perform error pruning. 

Step4: Under the “text “options in the main panel. We select the 10-fold cross validation as 

our evaluation approach. Since we don’t have separate evaluation data set, this is necessary to 

get a reasonable idea of accuracy of generated model. 

Step-5: We now click ”start” to generate the model .the ASCII version of the tree as well as 

evaluation statistic will appear in the right panel when the model construction is complete. 

Step-6: Note that the classification accuracy of model is about 69%.this indicates that we may 

find more work. (Either in preprocessing or in selecting current parameters for the 

classification) 

Step-7: Now weka also lets us a view a graphical version of the classification tree. This can 

be done by right clicking the last result set and selecting “visualize tree” from the pop-up 

menu. 

Step-8: We will use our model to classify the new instances. 
 

Step-9: In the main panel under “text “options click the “supplied test set” radio button and 

then click the “set” button. This wills pop-up a window which will allow you to open the file 

containing test instances.
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Data set employee.arff: 
 

@relation employee 
 

@attribute age {25, 27, 28, 29, 30, 35, 48}  

@attribute salary{10k,15k,17k,20k,25k,30k,35k,32k} 

@attribute performance {good, avg, poor} 

@data 
 

% 
 

25, 10k, poor 
 

27, 15k, poor 
 

27, 17k, poor 
 

28, 17k, poor 
 

29, 20k, avg 
 

30, 25k, avg 
 

29, 25k, avg 
 

30, 20k, avg 
 

35, 32k, good 
 

48, 34k, good 
 

48, 32k,good 
 

% 
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The following screenshot shows the classification rules that were generated whenj48 

algorithm is applied on the given dataset. 
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6. Demonstration of classification rule process on dataset 

employee.arff using id3 algorithm 

Aim: This experiment illustrates the use of id3 classifier in weka. The sample data set used in 

this experiment is “employee”data available at arff format. This document assumes that 

appropriate data pre processing has been performed. 

Steps involved in this experiment: 
 

1. We begin the experiment by loading the data (employee.arff) into weka. 
 

Step2: next we select the “classify” tab and click “choose” button to select the “id3”classifier. 
 

Step3: now we specify the various parameters. These can be specified by clicking in the text 

box to the right of the chose button. In this example, we accept the default values his default 

version does perform some pruning but does not perform error pruning. 

Step4: under the “text “options in the main panel. We select the 10-fold cross validation as 

our evaluation approach. Since we don’t have separate evaluation data set, this is necessary to 

get a reasonable idea of accuracy of generated model. 

Step-5: we now click”start”to generate the model .the ASCII version of the tree as well as 

evaluation statistic will appear in the right panel when the model construction is complete. 

Step-6: note that the classification accuracy of model is about 69%.this indicates that we may 

find more work. (Either in preprocessing or in selecting current parameters for the 

classification) 

Step-7: now weka also lets us a view a graphical version of the classification tree. This can be 

done by right clicking the last result set and selecting “visualize tree” from the pop-up menu. 

Step-8: we will use our model to classify the new instances. 
 

Step-9: In the main panel under “text “options click the “supplied test set” radio button and 

then click the “set” button. This will show pop-up window which will allow you to open the 

file containing test instances. 
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Data set employee.arff: 
 

@relation employee 
 

@attribute age {25, 27, 28, 29, 30, 35, 48}  

@attribute salary{10k,15k,17k,20k,25k,30k,35k,32k} 

@attribute performance {good, avg, poor} 

@data 
 

% 
 

25, 10k, poor 
 

27, 15k, poor 
 

27, 17k, poor 
 

28, 17k, poor 
 

29, 20k, avg 
 

30, 25k, avg 
 

29, 25k, avg 
 

30, 20k, avg 
 

35, 32k, good 
 

48, 34k, good 
 

48, 32k, good 
 

% 
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The following screenshot shows the classification rules that were generated when id3 

algorithm is applied on the given dataset. 
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8. Demonstration of classification rule process on dataset employee.arff 

using naïve  bayes algorithm 

Aim: This experiment illustrates the use of naïve bayes classifier in weka. The sample data 

set used in this experiment is “employee”data available at arff format. This document 

assumes that appropriate data pre processing has been performed. 

Steps involved in this experiment: 
 

1. We begin the experiment by loading the data (employee.arff) into weka. 
 

Step2: next we select the “classify” tab and click “choose” button to select the “id3”classifier. 
 

Step3: now we specify the various parameters. These can be specified by clicking in the text 

box to the right of the chose button. In this example, we accept the default values his default 

version does perform some pruning but does not perform error pruning. 

Step4: under the “text “options in the main panel. We select the 10-fold cross validation as 

our evaluation approach. Since we don’t have separate evaluation data set, this is necessary to 

get a reasonable idea of accuracy of generated model. 

Step-5: we now click”start”to generate the model .the ASCII version of the tree as well as 

evaluation statistic will appear in the right panel when the model construction is complete. 

Step-6: note that the classification accuracy of model is about 69%.this indicates that we may 

find more work. (Either in preprocessing or in selecting current parameters for the 

classification) 

Step-7: now weka also lets us a view a graphical version of the classification tree. This can be 

done by right clicking the last result set and selecting “visualize tree” from the pop-up menu. 

Step-8: we will use our model to classify the new instances. 
 

Step-9: In the main panel under “text “options click the “supplied test set” radio button and 

then click the “set” button. This will show pop-up window which will allow you to open the 

file containing test instances. 
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Data set employee.arff: 
 

@relation employee 
 

@attribute age {25, 27, 28, 29, 30, 35, 48}  

@attribute salary{10k,15k,17k,20k,25k,30k,35k,32k} 

@attribute performance {good, avg, poor} 

@data 
 

% 
 

25, 10k, poor 
 

27, 15k, poor 
 

27, 17k, poor 
 

28, 17k, poor 
 

29, 20k, avg 
 

30, 25k, avg 
 

29, 25k, avg 
 

30, 20k, avg 
 

35, 32k, good 
 

48, 34k, good 
 

48, 32k, good 
 

% 
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The following screenshot shows the classification rules that were generated when naive bayes 

algorithm is applied on the given dataset. 
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9. Demonstration of clustering rule process on dataset iris.arff using simple 
k-means 

 

Aim: This experiment illustrates the use of simple k-mean clustering with Weka explorer. 

The sample data set used for this example is based on the iris data available in ARFF format. 

This document assumes that appropriate preprocessing has been performed. This iris dataset 

includes 150 instances. 

Steps involved in this Experiment 
 

Step 1: Run the Weka explorer and load the data file iris.arff in preprocessing interface. 
 

Step 2: Inorder to perform clustering select the ‘cluster’ tab in the explorer and click on the 

choose button. This step results in a dropdown list of available clustering algorithms. 

Step 3 : In this case we select ‘simple k-means’. 
 

Step 4: Next click in text button to the right of the choose button to get popup window shown 

in the screenshots. In this window we enter six on the number of clusters and we leave the 

value of the seed on as it is. The seed value is used in generating a random number which is 

used for making the internal assignments of instances of clusters. 

Step 5 : Once of the option have been specified. We run the clustering algorithm there we 

must make sure that they are in the ‘cluster mode’ panel. The use of training set option is 

selected and then we click ‘start’ button. This process and resulting window are shown in the 

following screenshots. 

Step 6 : The result window shows the centroid of each cluster as well as statistics on the 

number and the percent of instances assigned to different clusters. Here clusters centroid are 

means vectors for each clusters. This clusters can be used to characterized the cluster.For eg, 

the centroid of cluster1 shows the class iris.versicolor mean value of the sepal length is 

5.4706, sepal width 2.4765, petal width 1.1294, petal length 3.7941. 

Step 7: Another way of understanding characterstics of each cluster through visualization ,we 

can do this, try right clicking the result set on the result. List panel and selecting the visualize 

cluster assignments. 
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The following screenshot shows the clustering rules that were generated when simple k 

means algorithm is applied on the given dataset. 
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Interpretation of the above visualization 
 

From the above visualization, we can understand the distribution of sepal length and petal 

length in each cluster. For instance, for each cluster is dominated by petal length. In this case 

by changing the color dimension to other attributes we can see their distribution with in each 

of the cluster. 

Step 8: We can assure that resulting dataset which included each instance along with its 

assign cluster. To do so we click the save button in the visualization window and save the 

result iris k-mean .The top portion of this file is shown in the following figure. 
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10. Demonstration of clustering rule process on dataset student.arff 

using simple k- means 

Aim: This experiment illustrates the use of simple k-mean clustering with Weka explorer. 

The sample data set used for this example is based on the student data available in ARFF 

format. This document assumes that appropriate preprocessing has been performed. This 

istudent dataset includes 14 instances. 

Steps involved in this Experiment 
 

Step 1: Run the Weka explorer and load the data file student.arff in preprocessing interface. 
 

Step 2: Inorder to perform clustering select the ‘cluster’ tab in the explorer and click on the 

choose button. This step results in a dropdown list of available clustering algorithms. 

Step 3 : In this case we select ‘simple k-means’. 
 

Step 4: Next click in text button to the right of the choose button to get popup window shown 

in the screenshots. In this window we enter six on the number of clusters and we leave the 

value of the seed on as it is. The seed value is used in generating a random number which is 

used for making the internal assignments of instances of clusters. 

Step 5 : Once of the option have been specified. We run the clustering algorithm there we 

must make sure that they are in the ‘cluster mode’ panel. The use of training set option is 

selected and then we click ‘start’ button. This process and resulting window are shown in the 

following screenshots. 

Step 6 : The result window shows the centroid of each cluster as well as statistics on the 

number and the percent of instances assigned to different clusters. Here clusters centroid are 

means vectors for each clusters. This clusters can be used to characterized the cluster. 

Step 7: Another way of understanding characterstics of each cluster through visualization 

,we can do this, try right clicking the result set on the result. List panel and selecting the 

visualize cluster assignments. 

Interpretation of the above visualization 
 

From the above visualization, we can understand the distribution of age and instance number 

in each cluster. For instance, for each cluster is dominated by age. In this case by changing 

the color dimension to other attributes we can see their distribution with in each of the  

cluster. 

Step 8: We can assure that resulting dataset which included each instance along with its 

assign cluster. To do so we click the save button in the visualization window and save the 

result student k-mean .The top portion of this file is shown in the following figure. 



DWDM Page 48 
 

Dataset student .arff 
 

@relation student 
 

@attribute age {<30,30-40,>40} 

@attribute income {low,medium,high} 

@attribute student {yes,no} 

@attribute credit-rating {fair,excellent} 

@attribute buyspc {yes,no} 

@data 
 

% 
 

<30, high, no, fair, no 
 

<30, high, no, excellent, no 

30-40, high, no, fair, yes 

>40, medium, no, fair, yes 
 

>40, low, yes, fair, yes 
 

>40, low, yes, excellent, no 

30-40, low, yes, excellent, yes 

<30, medium, no, fair, no 
 

<30, low, yes, fair, no 
 

>40, medium, yes, fair, yes 
 

<30, medium, yes, excellent, yes 

30-40, medium, no, excellent, yes 

30-40, high, yes, fair, yes 

>40, medium, no, excellent, no 
 

% 
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The following screenshot shows the clustering rules that were generated when simple k- 

means algorithm is applied on the given dataset. 
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